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# 1 : bk L 7= Sentence Transformer 5 /L

Model name

Pretraining dataset type

Fine-tuning dataset type ~ References

sentence-transformers/multi-qa- Wikipedia,

mpnet-base-dot-v1

BooksCorpus, and other

Collection of Q&A [3],[10]

corpora from various

corpora [9] domains
NeuML/pubmedbert-base- PubMed abstracts, PubMed title-abstract [11]
embeddings PubMedCentral full pairs & similar title pairs

texts[8]
pritamdeka/S-PubMedBert-MS-  PubMed abstracts, MS-MARCO Q&A [12], [13]

MARCO
texts[8]

PubMedCentral full

dataset

ZZTIEATIERXE LC6)EEH L, AL 500
PEDFIC & NG LD MeSH term O —FE % Fl
A a7 TaHli L7z,
INHDOFHEZ AV TOEETIVDAAT &
RK2ICEEDD, FHL T, RAAL VIika A
TOHET VO PFMZ A7 TR R EEE
R LR TE I, FETRERLELT,
PubMed THRIFH SN2 Z2DET VD D
E#% PubMed O title-abstract pair T7 7 A
?1~:Vféht%?wiD%Q&A?~ﬁ
Ty hTFEEEINELOOEFAEHE L CRVME
MEZRT Z ENbholz, T, XEEXM
L7 XEMDIALZ ZEH I 5121E, QA N K
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2 XY H—F—H _X— ZXDVERELE

Model name

Title-abstract MeSH term

MRR nDCG@10 Average F1 Score

sentence-transformers/multi-qa-mpnet-base-dot-v1 0.257 0.108 0.246
NeuML/pubmedbert-base-embeddings 0.382 0.168 0.260
pritamdeka/S-PubMedBert-MS-MARCO 0.431 0.200 0.353
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