(— A E1—AFSRAFLZXRICEKD

NUNAKRZBIHREBEAFRHAFELZ > S —

Cyber HPC Symposium 2026 @ KRAZF



Cloud

By R (2024.7~) DI\— R TR

Open

O0J4>./)—RKR oOnDemand NextCloud

(2/—R) H5—N H—)\
WWW / / % g g
- > =137 b (InfiniBand NDR)
7
. \
= 7.5 PFLOPS, = 10.2 PFLOPS, 1.1 PFLOPS,

= 512TB (— 38TB 16TB

| ) V
J—RII—=TA J—RII—TB J—RIIN—=2C

(1,024 —FR) (38./—R) (2J—RK)

Intel Xeon SPR x 2, Intel Xeon SPR x 2, Intel Xeon SPR x 2,
512GB RAM NVIDIA H100 (HBM2e 94GB) x 4, NVIDIA H100 (HBM3 80GB) x 8,

1TB RAM,
12.8TB SSD

STB RAM,
15.3TB SSD




A

HPCIET R IR

%)= ZT[A_% (20262

eﬂ!ﬁ“z" -
PFLOP S= B B PFLOP &= (TB B =
R-CCS EE] 537.21 4968.00 162791 0.000 0.00[ 303.03 0.00 9.25 0.0
818N |Grand Chariot 2 CPU 2.46 240.00 319 0.27 0.00 0.00 35.49 0.00 0.0
Grand Chariot 2 GPU 0.12 12.00 16 6.42 190 7.50 322 0.01 0.71 21.10 1.77 35.7 1.33 0.8
JEX AOBA-S 1.26 126.00 103 19.80 40 378.00 9878 0.05 0.86 1.71 4.47 5.45
AOBA-A 0.08 18.00 1.41 3 27.00 881 0.00 0.06 0.12 0.00 38.14 0.78 1.1
AOBA-B 0.56 17.00 28 0.02) 0.000  0.00 1.21 0.00 0.74 0.0
TN Pegasus 0.48 18.75 + 300] 42.30 + 12 7.68 227 11.72 300 0.02 0.38 11.31 2.11 14.95 0.93 0.5
Sirius (PACS12.0) 0.14 12.00 11.77 188 12.00 509 0.01] 059 9.38 0.00 25.35 0.60 0.6
JCAHPC _ [Miyabi-G 3.87 131.25 573.44 74.93 2216 105.00 4505 0.05 094 27.67 7.16 56.24 1.64 1.3
Miyabi-C 1.29 23.75 608.00 0.02 0.000  0.00 7.59 0.00 0.30 0.0
Wisteria/BDEC-01
RK Odyssey 25.95 240.00 7864.32 0.78 0.000 0.00  236.73 0.00 7.22) 0.0
Wisteria/BDEC-01
Aquarius 0.25 22.50 18.43 7.02 112 14.06 558 0.01 021 3.38 0.55 16.80) 0.68 0.4
RETEA [TSUBAME4.0 2.62 180.00 220.80 64.22 1900 88.13 2304 0.040 096 2842 330 34.47 2.69 1.3
ZHEEA R - X Type-l 7.08 207.75 314.37 0.44 0.00  0.00 19.54 0.00 12.91] 0.0
~E - X Type-II 0.37 50.26 51.84 8.64 1080 37.97 864  0.02 0.54  67.12 3.22]  53.69 3.12 2.3
REPA Camphor3 7.63 140.00 3584.00 0.65 0.000 0.00] 305.62 0.00 11.94 0.0
Laurel3 2.65 185.00 227.18 0.23 0.000  0.00 19.37, 0.00 15.78 0.0
Cinnamon3 0.11 32.00 9.01 0.01 0.00 0.00 0.77 0.00 2.73 0.0
Gardenia 0.09 8.00 6.54 1.25 20 5.00 131 0.01 0.11 1.70 0.56 11.13 0.68 0.4
VNTS SQUID CPU 8.87 380.00 620.16 0.47 0.000  0.00 33.15 0.00 20.31 0.0
SQUID GPU 0.25 21.00 17.14 6.55 105 13.13 521 0.01 0.35 5.60 0.92 27.84 1.12 0.7
SQUID Vector 0.04 4.50 7.37 0.71 1 13.50 441 0.00 0.04 0.08 0.39 23.55 0.24 0.7
OCTOPUS2 2.29 105.00 171.92 0.12 0.000  0.00 9.19 0.00 5.61 0.0
TUITR T 5-A 7.47 512.00 628.74 0.39 0.000  0.00 33.09 0.00 0.0
5B 0.28 38.00 23.33 10.17 301 13.95 365 0.01 0.54 15.83 1.23 19.20 2.00 0.7
7 57-C 0.01 16.00 1.13 1.07 32 1.25 54 0.00 0.06] 167 0.06 2.82) 0.84 0.0
JAMSTEC [BEk> =1L —7% CPU 3.32 180.00 294.91 0.17 0.000  0.00 15.06 0.00 9.19 0.0
itk =1L —4 VE 1.58 85.50 140.08 13.41 27 256.50 8372 0.08 0.68 1.37 7.15 4.37] 13.1
thik= =1L —% GPU 0.04 32.00 3.28 1.25 20 2.50 99.2 0.00 0.06 1.02 0.17 5.07 1.63 0.1
FEER HOKUSAI BW2 2.12 39.00 998.40 0.000  0.00 0.00 18.36 0.0
FrEH >—7AEME 0.08 48.00 4.51 0.000 0.00 58.19 0.00 0.0
IERIEHERA () el LORE TREDEARLREIE () Miyabi- GOIRA NAEUSROBMIIETE

BHLBDAETFPoAERE TR - J=1E



A

HPCIET R IR

%)= ZT[A_% (20262

eﬂ!ﬁ"z" [
. PFLOP S B B PFLOP S= (TB 12 B = S= =
R-CCS == 537.21 4968.00 162791 0.000 0.000 303.03 0.00 9.25 0.0
MEA |Grand Chariot 2 CPU 2.46 240.00 319 0.27 0.00 0.00 35.49 0.00 0.0
Grand Chariot 2 GPU 0.12 12.00 16 6.42 190 7.50 322 0.01 0.71 21.10 1.77 35.7 1.33 0.8
JEX AOBA-S 1.26 126.00 103 19.80 40 378.00 9878 0.05 0.8 1.71 4.47 5.45
AOBA-A 0.08 18.00 1.41 3 27.00 881 0.00 0.06) 0.12 0.00 38.14 0.78 1.1
AOBA-B 0.56 17.00 28 0.02 0.000 0.00 1.21 0.00 0.74 0.0
RSN Pegasus 0.48/18.75 + 300] 42.30 + 12 7.68 227 11.72 300 0.02 0.38 11.31 2.11 14.95 0.93 0.5
Sirius (PACS12.0) 0.14 12.00 11.77 188 12.00 509 0.01] 059 9.38 0.00 25.35 0.60 0.6
JCAHPC _ [Miyabi-G 3.87 131.25 573.44 74.93 2216 105.00 4505 005 094 27.67 7.16  56.24 1.64 13
Miyabi-C 1.29 23.75 608.00 0.02 0.000 0.00 7.59 0.00 0.30 0.0
Wisteria/BDEC-01
A Odyssey 25.95 240.00 7864.32 0.78 0.00 0.00| 236.73 0.00 7.22 0.0
Wisteria/BDEC-01
Aquarius 0.25 22.50 18.43 7.02 112 14.06 558 0.01] 0.21 3.38 0.55 16.80 0.68 0.4
RETEA [TSUBAME4.0 2.62 180.00 220.80 64.22 1900 88.13 2304 0.04] " 096 28.42 330 34.47 2.69 13
ZEEA PRE - X Type-I 7.08 207.75 314.37 0.44 0.000  0.00 19.54 0.00 12.91 0.0
& - X Type-II 0.37 50.26 84 | 054 67.12 3.22]  53.69 3.12 2.3
RAPA Camphor3 7.63 140.00 VAT 0.000 0.00] 305.62 0.00 11.94 0.0
LaureF:)IB 2.65 185.00 S FTODFFEL 000 000  19.37 000 1578 0.0
S S aso | A CPUTERE LGPUTEEE L N I e Y WY
Xk [5QUID CPU 8.87 380.00 A RAMAXAEURE 000 000 3315 000 2031 0.0
SQUID GPU 0.25 21.00 0.35 5.60 0.92 27.84 1.12 0.7
SQUID Vector 0.04 aso— A XEU 'Fﬁ'iﬁkmﬂi'ﬂi\ FP8 1K 0.04 008 039 2355 0.24 0.7
OCTOPUS2 2.29 105.00 : 0.00 0.00 9 10 0.00! 5 61 0.0
TR R5-A 7.47 512.00 628.74 0.39 0.00 0.0  33.09 0000 2694 0.
T.5-B 0.28 38.00 23.33 10.17 301 13.95 365 0.01] 0.54 15.83 1.23 19.20 2.00 0.1
T 5-C 0.01 16.00 1.13 1.07 32 1.25 54 0.00 0.06| 1.67 0.06 2.82) 0.84 0.
JAMSTEC k> =1L —% CPU 3.32 180.00 294.91 0.17 0.000 0.00 15.06 0.00 9.19 0.0
IS =710 —% VE 1.58 85.50 140.08 13.41 27 256.50 8372 0.08 0.68 1.37 7.15 4.37 13.1
ithik= =1L —%4 GPU 0.04 32.00 3.28 1.25 20 2.50 99.2 0.00 0.06) 1.02 0.17 5.07 1.63 0.1
TR HOKUSAI BW2 2.12 39.00 998.40 0.000  0.00 0.00 18.36 0.0
SLENAH > —4~[EME 0.08 48.00 4.51 0.00] 0.00] 58.19 0.00 0.0
L N NTRN =] \
I (&R A (*) FP8I_E DABE T RE IR R SURE RS (**) Miyabi-GOD7RZ b X EUBREDEAIITB

BHLBDAETFPoAERE TR - J=1E



&eﬁfe"

i ﬁ
et d <3
Ce 2)

3.53A (CPU)

3.5¢B (GPU)

LFOFAIRIE (RIS AT LS OFHEIREL)

ITO (BIS>RAT L) | sz5iE5 35T
< > Ao —_— -~

250.00% BIS AT LD
| Z2I)L—T v NEBRELE
200.00% (270%)
150.00%
100.00%
50.00%

000% e e

&é’b Y&c&* \/& g \:& Y&f& Yg(é?* Y&& Y&qﬁ% g \9% g Qf’{\ vg?% Y&& Y&& Y&Q,% \9?’ \:& Y&&

N A AR A G R R R L A

O S R S O I S S A S S T S S U
200.00% HIZ AT LS50
160.00% IR ESEEEELL
140.00%
120.00% (190%)
100.00%
80.00%
60.00%
40.00%
20.00%

0.00%

s Y&q,% g \/é’?* g Qf’% Y&f& Y&& Y&& \&oﬁ y @% g 0@ Y&& Y&é’& Y&@% Y&%% g \/é”% Y&\;& Y&,&

S S SR} AL N S S o Vol S S SO S SO

O I S N T S S AR LA S I S A LN O



9E+11

8E+11

7E+11

6E+11

S5E+11

4E+11

3E+11

NRBERE (/— FEFEE)

DETRIEIRF

%5%A (cpu)

2024

2025

)

=
=

HAERE (/— FEFET

6E+10

5E+10

4E+10

3E+10

2E+10

1E+10

¥ 5B (GPU)

2024

2025

I
9
=

\¢
l

EIp N
Y

Fevs

RH

B SRR

EEF TR

/\A
lb\|:| ju

Alzy



S FRCOF AR,

35RC
BIFEF AR DEREREHNHSE

100.00% 3.E+09
90.00%
80.00%
70.00% T At
60.00% 2.E+09
50.00% iRy
40.00% PR
30.00% o vy
20.00% /\/\/\___\//\ 7 2.E+09 et 7=
10.00% i
0 L Fevs
0.00% |
0% 'L% f\?’ &’ bQ” q?’ QQ” '3}’ " ™ 1.E+09
AN A A SR S S SR A I — o2
S N f» ﬂ, A A N S " o
o0 Y N
i e Y Nie
o 5-E+08
g} AN Y
" & FroEia
0400 e sl

2024 2025



JU

15545

AEE—RIEETE (JIIRREFERE@RILK, AR=R 565

FEERIKR)

AELFEEEAT (A4S #RT SRS

F@RIFK)

ARAE 5T CFE) IRk @DeepFlowtt)

AELFAFT (RIEL

FBASEES

E@TLIMNK)

PRIREFEEST)LOIEREFENT (SN ETECQR

AEERFE  (PIEE

SEE@IUINK)

E@NIMS, KEFMHS D54

EX)



JU

JUT

i
,ml

&
)

E[7K)

=5

L@ﬂ:ﬁr% NIBRE=EFRXEQRIEKR., ARZTZHREG@NIMS, REFNHDIEE

AELFTEEST (AEASHR S @RIGAK)

ARAE 5T CFE) IRk @DeepFlowtt)

AELFAFT (RIEL

FERZEAE @TLMK)

PRIREFEET)LOIEREFZMNT (S5AKESA

AEERFE  (PIEE

SEE@IUINK)

F@BRIEX)



F—REE (lliRFkE@RILX. ERFEEONIMS, XEFEE@BEREILIX)

dn 0 mX

. 2T 'V O
LDA U 2T V#0-

dn - [ s AIMDX ¥

TDDFT X O

. DFT EXxc

HF -HOMO



F—REE (lliRFkE@RILX. ERFEEONIMS, XEFEE@BEREILIX)

GW

Lpod
GW

m
Extended Quasip@iticle Theory
N Nt 1
(K. Ohno et al., J. Chem. Phys. 146, 084108 (2017))

TOMBO X TD GW




F—REE (lliRkE@RIX. ERFTE@NIMS, XKLL @EEREILX)

t = 0.00fs

t=25.98fs

# Compute | # MPI [# openMP/MPI | #Total Memory | Total memory Approx

Oxwane

(C,H,0)

HOMO -L UMO

t=16.25fs

up spin

t=6.88fs t=21.10fs

.A.A-ﬁ.;\ﬁ

t=30.97 fs t=35.96fs t=45.95fs

— 0CC4

s L < 0CC3

2 -- oce2

5, — 0CCl
w10 — EMPI

up-spin levels

27fs(

7 days 5000

| — R e -
e N e S 2 LT T TN
B e i, T e \ - N
— 0CC4
e 0CC3
e (x'(:’
— 0cCl .
— EMPI
~ EMP2
-— EMP3
— - EMP4

downspin levels

10



F—REE (lliRkE@RIX. ERFTE@NIMS, XKLL @EEREILX)

(0 m

(0N

X \

DHO

S, (HOMOA LUMO)

I
P

(0 ) ~48555 cm*! = 6.02 eV
(DN )~51781cm*1=6.42 eV

"Ql
----- V|brat|onal excitation
J. Chem. Phy$02, 3612 (1995)
,,,,,,,,,,,,,,,, ~2600 cm 1
m A Twx ReKunm.

) =3hgnt 6.02eV=0.99[ J Chem. Phys.102, 3612
(1995)] + 6.02 = 7.01 eV (traj.n0.13)

)= 3hent 6.42eV=7.41eV [ J Chem. Phys.123, 184305
(2005), J. Chem. Phys.102, 3612 (1995)]

To I o Do T Do Do

TWES3 YJ C

] TDGW
e New HOMO (25 fs)
| oP (25fs) = -13.1 eV
B0 TS R e 7] 1S ( ) = - 136
) o eV [NIST Chemistry Webbook]
0 5 10 Tame () 15 0 5 DHO D
DHO = 50
D+OH-+ =V  MD+OH) = 39
H+OD + =V MH+OD) = 11
— 0T
= c¢® ™ (max.of ~3.1)
<«E i D ~6.14 eV
Y |k — i 2D ( )=0.99+6.14=7.13 eV

Approx.
MD steps

Job name # Compute | # MPI |# openMP /MPI | #Total Memory | Total memory Walltime
nodes ranks rank cores [(GB)/node (GB)

MD time in fsD
50

7 days 4000 )



F—REE (lliRkE@RIX. ERFTE@NIMS, XKLL @EEREILX)

DNA Q1 mKUNmATGK >3m Bd

v
ney x\ 6 a
be.Tl. €apt WUKkK XRQG"
{ ¥ o o
P2 WD }’ﬁ 858
1 t= OOOfS t= 479fS
atba P
{  p }:«p l "7 4 A
@ - L1 4 e i) P
{d > 0 t=11.96 s t=16.141s
A-T A-T



3
y/

REAEQRILK, ERFTEONIMS, KEFEE@IEREIIX)

t& (i

B—IRE

2024 6H218 BHTIITZRAE

B EREEURDN
ke ENERKEIRY

nmﬁuﬁtx$
ELASKE BT -
TEERERY My
J.V,I:/ Hy.__mﬁﬂmﬁ
QR | IR
QEMVIPHERIE
Rl D S TRl
SHERIR D40 S

ESUEES | BV
H XUNRKEhE

.@mﬁﬁ¥ﬁmmém_

QRHGL (OO
~RE—) REVE
F QRIS MY
T HEGTH

— e S SRR

I
R HHBEER O
Rl B 540
A SI0°
KO TR
gl BEAKSK

_____.ﬁ A V]../Es/ﬂﬁ%&

RIS |
SERNA-NE W
EREMEED
AU

SRR D088, | et &

g (1 I

_J%ﬁz 4 ﬁ%ﬁ%
HEER
| REREVY s
BRG]

| ARHESRA A0
A0
K—=Z~TINAr—
ﬁT&%mmﬁmmﬂ
MR~ N
B RBARNAOS
KRS Y
BT B R
& E-NED0X
NRIPROS KA
HEMRTEE L ¢
HERN=- N &
MR S MIKEER
CEEIMA ML
RESREEMENS
RENECEL®



F—REE (JIREKEQRIEX, ERFXEQNIMS, XEFEE@EREIZIX)
bl€e. pIN YB. Up O
A

A TOMBO



JU

=5

AEE—RIEETE (JIIRREFERE@RILK, AR=R 565

FEERIKR)

AELAUEEMT (FEAT IR SEE

- @EIFK)

ARAE 5T CFE) IRk @DeepFlowtt)

AELFAFT (RIEL

FBASEES

E@TLIMNK)

PRIREFEEST)LOIEREFENT (SN ETECQR

AEERFE  (PIEE

SEE@IUINK)

E@NIMS, KEFMHS D54

EX)



ALiifEth (AER%EeRIAX)

18/16 1 oOU& > | > | oL > ail > 1 G ﬁ'@ > Npigasaki University



ELzﬁﬁg*ﬁ (:||$*§|'5Eﬂ£@§l|lﬁj() e

Zeroth law of turbulence

Normalised energy dissipation rate (shear turbulence)
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Zeroth law of turbulence

Normalised energy dissipation rate (shear turbulence)

eL L Cop
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Conclusion

» (' is a candidate for the universal class of turbulence as a consequence
of testing the statistical laws which is expected to be universal for
non-ideal turbulence

> A hint for reconsideration of the Richardson-Kolmogorov cascade?

> A universality may be related to nonlinearity, c.f. 4/5 law and depletion of
nonlinearity...

> Not clear how universal C, is since it is a large-scale physical quantity

> eLp/(2K/ 3)% ~ const. is valid in practice (for forced turbulence)

Future outlook

> An extention of the present formalisation to the inhomogeneous
turbulence

Thank you for your attention 21
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TOTAL

137
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POS REF ALT ANNOTATION SAMPLES AHAPIDS CHAPIDS
HG00323.hp2 a0002c0003
HG00423.hp1 a0002c0005
E HG00544.hp2 :ggg§ a0002c0011
others(135): others(1):
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19 22 73 4 16 54 OR10A2_chr11_6858057_6879717 OR10A2
51 5 0 0 0 0 OR10A2_chr11_6858057_6879717 OR10A2
2 0 0 0 0 0 OR10A2_chr11_6858057_6879717 OR10A2
0 0 1 0 0 0 OR10A2_chr11_6858057_6879717 OR10A2
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AThe Next PlatformD3EC 55
"Driving HPC Performance Up Is Easier Than Keeping
The Spending Constant:"

https://www.nextplatform.com/hpc/2025/12/10/driving-hpc-
performance-up-is-easier-than-keeping-the-spending-constant/1689619
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A"If you can get them to budget four times the computer because it
will be doing GenAl half the time, then you still end up with twice
the HPC performance”
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E 1 — (HPC Wire Japan)

https://www.hpcwire.jp/archives/102997

A [(AMD &ENVIDIAD) Tttt & BFPEANDIRWLNTI =W M XS MR U, ke

IDEXRFLIE]

A TFHRRZICEDTINIPIFRICEREL. BERS. IN=ZRBLRRIRL
TUWRWDBSTZ, NS (IR (CH D, |

=

=3

ANVIDIAD J /7 &

dunl

https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-

GPU(CH T BFPe4EEEDENE]

ATHRILF—EBRIFHISRES A - 2

S LD S

new-chips-one-ai-supercomputer/

Feature Hopper GPU Blackwell GPU Rubin GPU
FP32 vector (TFLOPS) 67 80 130

FP32 matrix (TFLOPS) 67 227* 400*

FP64 vector (TFLOPS) 34 40 33

FP64 matrix (TFLOPS) 67 150* 200*

HPCE o «

—m
A== 2=F (2T IvI

JAPAN g don

HROR—)(—IDE1—FEZNEBNT AL

FrscAuTy Bt ERFE ors

BR

HOME &% -

PLUTNUM

0O don

Search this site &3

BEDIE +  Topics v HIFEEYOOO—RY—EX  Events v  eNewslett

3A 2, 2026
ST R ARG : FP64EHE CRIBAF—AICKELIKEF

HPCwire Japan

A1USF)LieE [Genesis Mission Will Lean Heavily on Ozaki Scheme for FP64
Capability |

ITHRILF—ENFBHRESUA - PILEEE
HPCwire[CH U, B#ttlDGPUAID—o0—
RICBUZEREEEEERL TV, 648y
NEEVESR (FP64) DLSHEREHER. ¢

P STHRSREHBEEAICEBNENREOMESL
NEC SERICE > THRAE LT [ TER) £ea
Nz
[[AMD CEO]UY - £2 D¢ [TREF« 7 CEOIST Y - TP EDORF DR
GOLD T, @ EBFPEANDRNIZY hXA>Y MERL, #5593 ERALREI EFILIZEE
DAVHE1—THEoR. [HRICESTTNRIFRCEER. RERS, ThEREE
SAnVIDIA. = FAUTVRLNSE. CHAERENEHFRCSS. |
MEHBOBE SR> TEREFULY - ©21L—530 00— o0 REXR BEMYE
)\~ ROT 7, FRRALEROESOMROTANERR EFILGRA, &5
Bt E R FE  © cnooommmimsl. AmEmULRiics sRAZRERET
fompurimatiomne i | SRS 7 - Ty a > OERERR D EMINRE,
ERE TS 3EARES 11— 220 B3, 20— REiks, 25 §
ORACLE  cUTIERY>IIILELRL, YOS - FEFILEIET S, SROICAIZ—/(—0
SE1-STERTSBOR] EFLFRAL, [EEEPRRETORMCHNT, UL {
UI10f5, 20f8, 1008DXUY MIBBNSB. | !
-
22 SCALITY | amsivcssamn s
AN, R&->ZalL—>3
> - IETHERENBIL-TE
W93 T CHBIRIE ST
SILVER

—
=~

HPC SOLUTIONS

Fhzrz.
[COIL—-TEESHO [
Fal—33>3-REE>E
DR EEXE BENEL (o

Table 3. NVIDIA GPU FP. - apahility
*Peak performance usidg_lensaor Core-based emulation aigon'@

3. ERF—IRITETOT
HPCOEHS0ER OUREREIRENBLNS
=g Rl ERLESR. [ReC

b mT T Bk - BT R



https://www.hpcwire.jp/archives/102997
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/
https://developer.nvidia.com/blog/inside-the-nvidia-rubin-platform-six-new-chips-one-ai-supercomputer/

gfeﬂﬁ"’. )

"HPCHATRE (BXUHPCEE> 5 —) Di%El
ABill Gropp D1 >~ E 21— (HPC Wire)

https://www.hpcwire.com/2025/11/21/whats-next-for-bill-gropp/

A“For HPC researchers, this is a great time, because there’s all sorts of things to explore, all sorts of new ideas, all
sorts of opportunities”

A “For computational scientists who have an established code, this is a scary time because they’ll probably have
to rewrite it, maybe several times. "

AERTTE @M K (Talk at SCA/HPCAsia2026)
Our Strategy: “Bottom-up” Insight

AWe need to use advanced users as “Sensors”
AGathering demands directly from the field.
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